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Nori, H. et a/. From Medprompt to o1: Exploration of Run—Time
Strategies for Medical Challenge Problems and Beyond. Preprint at
https://doi.org/10.48550/arXiv.2411.03590 (2024).

Table 1: Performance of different models on a suite of medical benchmarks.

GPT-4" GPT-4-Turbo”™” GPT-40 GPT-4 Turbo™ ol-preview

Dataset (0 shot) (5 shot) (0 shot) (Medprompt) (0 shot)
MedQA (US 4-option)  78.9% 81.4% 84.4% 90.2% 96.0%
JMLE-2024 - 87.3% 92.7% 92.7% 98.2%
MedMCQA Dev 69.5% 72.4% 76.4% 79.1% 83.9%
MMLU

Clinical Knowledge 86.0% 86.4% 89.1% 95.8% 93.6%
Medical Genetics 91.0% 92.0% 96.0% 98.0% 99.0%
Anatomy 80.0% 80.0% 88.2% 89.6% 93.3%
Professional Medicine 93.0% 93.8% 97.4% 95.2% 97.0%
College Biology 95.1% 95.1% 95.1% 97.9% 98.6%
College Medicine 76.9% 76.9% 85.6% 89.0% 90.2%

* Results originally reported in [NKM*23] on the initial GPT-4 model release.
" Experimental results originally reported in [NLZ*23b], except JMLE-2024.
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Banerjee, S., Agarwal, A. & Singla, S. LLMs Will Always Hallucinate, and We Need to Live With
This. Preprint at https://doi.org/10.48550/arXiv.2409.05746 (2024).

FYRKREL, KYRSHIBEEINLLMIZT/NNILY =230 Vil — AT, #IZFER>f=/\IL
DR DEHNETETHLGD,

Hron, J. et a/ Training Language Models on the Knowledge Graph: Insights on Hallucinations
and Their Detectability. Preprint at https://doi.org/10.48550/arXiv.2408.07852 (2024).
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Zhou, L. et al. Larger and more instructable language models become less reliable. Mature 1-8
(2024) doi:10.1038/s41586-024-07930-y.
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Hallucination

Hallucination Rate for Top 25 LLMs

GLM-4-9B-Chat .
OpenAl-o1-mini Miaoran

GPT-40 1.5% update result for claude-3-5-sonnet-20241022
GPT-40-mini 1.7%
GPT-4-Turbo 1.7%
GPT-4 1.8%
GPT-3.5-Turbo 1.9%
DeepSeek-V2.5 2.4%
Orca-2-13b A 2.5%
Phi-3.5-MoE-instruct - 2.5%
Neural-Chat-7B-v3-3 2.6%
Qwen2.5-7B-Instruct 2.8%
Jamba-1.5-Mini 2.9%
Snowflake-Arctic-Instruct 1 3.0%
Qwen2.5-32B-Instruct - 3.0%
Phi-3-mini-128k-instruct - 3.1%
OpenAl-ol-preview - 3.3%
Gemini-1.5-Flash-002 - 3.4%
Yi-1.5-34B-Chat - 3.7%
Llama-3.1-405B-Instruct
Phi-3-mini-4k-instruct 4.0%
Phi-3.5-mini-instruct 4.1%
Mistral-Large2 4.1%
Llama-3-70B-Chat-hf 4.1%
Qwen2.5-14B-Instruct 4.2%
Qwen2-VL-7B-Instruct 4.2%

0 1 2 3 4 5 6
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